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Abstract

This paper estimates the impacts of being connected to politicians on occu-

pational choice. Using an administrative dataset collected in 2008–2010 on 20

million individuals in the Philippines, we rely on naming conventions to as-

sess family links to candidates in elections held in 2007 and 2010. We combine

a regression discontinuity design to close elections in 2007 with an alternative

approach using individuals connected to successful candidates in 2010 as con-

trol group. This allows us to net out the possible cost associated with being

related to a losing candidate. We find robust evidence that relatives of current

office-holders are more likely to be employed in better paying occupations.



1 Introduction

The focus of this paper is the value of political connections for individuals. The lit-

erature on this issue has faced several difficulties and is not well developed.1 First,

due to a lack of better data, researchers often rely on self-reported links to local

politicians as a measure of political connections. Such data are subject to bias, be-

cause the likelihood of reporting connections may be correlated with the benefits

that are derived from them (Comola and Fafchamps, 2013). Second, individuals

connected to politicians may differ from the average citizen in unobservable ways

that affect their welfare even when their politician relatives are no longer in office

(Besley, 2005; Dal Bo et al., 2016). It thus follows that when researchers observe a

correlation between individual welfare and political connections, it is unclear how

much of this correlation is due to unobserved heterogeneity. Third, the literature

on the value of political connections has not accounted for the possibility that an

individual connected to a politician who lost an election can suffer from this con-

nection, especially in areas where elected officials have discretionary powers

In this paper we use a large dataset from the Philippines, collected between

the 2007 and 2010 municipal elections, to test whether people who are related to

a successful local politician are more likely to be employed in a higher-ranked,

better-paid occupation than if their relative was not in office. We find that indi-

viduals who share one or more family names with a local elected official are more

likely to be employed in better-paying occupations. This effect is observed using

a regression discontinuity design (RDD) based on close elections, and it persists

both when we control for individual characteristics and when we compare rela-

tives of politicians elected in 2007 and in 2010. The effect is present throughout

the occupational distribution, but it is particularly noticeable at the top: the prob-

ability of being employed in a managerial position increases by 0.48 percentage

points, or more than 19 percent of the control group mean, for individuals related

to current office holders compared to relatives of politicians elected after the oc-

cupational data were collected. This result is robust to the use of different control

groups, specifications and estimation techniques.
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The impact of family connections varies with individual and municipal charac-

teristics. First, the impact is stronger for more educated individuals, and is mostly

concentrated on individuals with some university education. Second, the effect

of connections on the probability of being employed in a managerial position is 45

percent lower for women than it is for men. For all other occupations, the impact is

similar for men and women. Finally, a family connection to a mayor has a stronger

effect on occupation than a connection to a vice mayor or local councilor.

This paper documents a failure of equal opportunity. Given the data, we are

unable to test whether this failure has any effect on efficiency. At the top of the

occupational distribution, our point estimates correspond to 2.8 percent of the

managerial jobs in the public sector in each municipality. The magnitude of the

estimated effect is thus not inconsistent with the view that deviation from equal

opportunity is due to the preferential treatment of relatives as managers in the

public sector.

We contribute to the literature on the value of political connections in four

ways. First, our dataset is unusually exhaustive as it includes non-anonymized

information on all individuals in a large number of municipalities, combined with

detailed electoral data across two elections.2 Second, we bypass the need to rely

on self-reported links. Instead, we rely on Filipino family names introduced by

Spanish colonial authorities to infer ties to local politicians – see Angelucci et al.

(2010) and Angelucci, De Giorgi and Rasul (2012) for a similar approach in Mex-

ico.3 Because Spanish naming conventions were only recently introduced in the

Philippines (i.e., in the middle of the 19th century), they allow an unusually pre-

cise and objective identification of family ties. Third, by using different control

groups, we are able to estimate the value of being connected to an elected local

official net of the potential cost of being connected to a losing candidate. We show

that this affects the estimation. Fourth, we provide evidence of unequal opportu-

nity by showing that there is a reshuffling of rationed jobs among the local elite

after a change of political personnel resulting from a local election.

While our data do not allow us to identify the precise channel of causation of
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our documented effects, we are able to offer some suggestive evidence of how the

effect materializes. First, it is unlikely that our results are driven solely by politi-

cians’ redistributive motives among their relatives: the benefit of political connec-

tions is stronger for educated individuals, and educated individuals tend to be,

on average, less poor.4 Second, we find that individuals connected to candidates

who were almost elected are less likely to be employed in managerial positions.

This suggests that local politicians appoint relatives to positions of responsibility

not so much because they can more easily identify good managers among them,

but rather because they trust their relatives more, possibly because they can super-

vise and monitor them more easily. This interpretation is in line with recent find-

ings that politicians value both loyalty and expertise when appointing bureaucrats

(Iyer and Mani, 2012). It also agrees with qualitative evidence on the behavior

of Filipino politicians (Sidel, 1999; Cullinane, 2009).5 We nonetheless refrain from

applying a value judgment to our interpretation of the findings, since we do not

know whether incumbents favor relatives because they believe this is the best way

to improve service delivery, or whether they do so merely for electoral gain.

The results presented in this paper have a number of implications for the empir-

ical literature on the value of political connections. First, they indicate that, in the

absence of an adequate control group, estimates of the value of political connec-

tions may be biased upward. Second, we show that estimates obtained by compar-

ing individuals connected to the winner vs. the loser in close elections potentially

include costs incurred by individuals related to the loser. It may be informative

to try to separate the two empirically. Our results also provide a note of caution

regarding political decentralization in areas of weak accountability, which charac-

terizes most municipalities in the Philippines (De Dios, 2007). In such a setting,

local officials might be able to favor their relatives in hiring decisions, as well as

punish the relatives of their political opponents. This, in turn, may have a dele-

terious long-term influence on electoral competition, and thereby hinder growth

(Besley, Persson and Sturm, 2010).

To address concerns about specification search and publication bias (Leamer,
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1978, 1983; Glaeser, 2006), we implemented a split-sample approach (Fafchamps

and Labonne, 2016). We asked a third party to split the data into two randomly

generated, non-overlapping subsets, A and B, and to hand over sample A to us.

We used sample A to narrow down the list of hypotheses we wished to test. We

prepared a draft of the paper that took into account comments from the journal’s

co-editor and referees, which we registered with Evidence in Governance and Pol-

itics.6 The journal’s editorial board asked us to revise the paper using the full sam-

ple. The results obtained using sample B, together with results from an additional

bootstrapping exercise, are discussed in the Appendix.

The paper is organized as follows. We describe the setting in Section 2 and

the data in Section 3. The estimation strategy is presented in Section 4 and the

balance tests in Section 5. In Section 6 we discuss the main results and a number

of robustness checks. Section 7 concludes.

2 The setting

Guided by evidence on the history of clientelism in the United States and other

Western democracies, we expect political connections to be especially valuable

where politicians have access to significant resources and enjoy discretionary power.7

Philippine municipalities are a particularly well-suited setting in which to estimate

the value of political connections, because the 1991 Local Government Code (Re-

public Act 7160) devolved significant fiscal resources and decision-making power

to local politicians. According to the Filipino constitution, mayors, vice mayors

and eight municipal councilors are all individually elected in first-past-the-post

elections. These elections are organized, by law, at fixed three-year intervals, which

rules out any possible endogeneity between the timing of local elections and the

level of politicians’ support.

There is evidence that local Filipino politicians act as employment brokers in

both the public and private sectors (Sidel, 1999). In the public sector, Hodder (2009)

argues that they use their hiring power over the large number of staff that was
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transferred from national agencies to municipalities as part of the decentralization

process. For example, he quotes a lawyer from the Civil Service Commission as

explaining, “We can even go so far as saying that you cannot be appointed in local

government if you do not know the appointing authority or, at least, if you do not

have any [political] recommendation....And even once in place, the civil servant’s

position is not secure: when the new mayor [comes], he just tells them ‘resign or

I’ll file a case against you’."

In the private sector, Sidel (1999) shows that local politicians can affect hir-

ing, either directly through their personal business holdings or, in a number of

provinces, indirectly through their contacts with local businessmen.8 It is also pos-

sible that local businessmen favor local officials’ relatives in their hiring decisions

in the hope of securing favorable treatment, such as business-related permits.

There is some evidence that loyalty to local politicians is valued. Bureaucrats

are often expected to engage in behavior that favors incumbents prior to elections.

Cullinane (2009) reports that local politicians staff the bureaucracy with loyal indi-

viduals they can trust to act in their best interests. In a case study of local politics in

Cavite, a province outside of Metro Manila, Coronel (1995) points out that “public

officials in the bureaucracy – the Comelec [Commission on Elections], teachers and

the police – have not been neutral or objective. Since 1945, this machinery has been

used, and it is embedded in the political structure." It follows that the relatives of

known political challengers may suffer if incumbents are reluctant to staff the bu-

reaucracy with individuals whose views and interests contradict their own. There

is qualitative evidence that Filipino politicians can punish individuals connected

to their opponents (McCoy, 2009).

3 Data

The primary dataset used in this paper was collected between 2008 and 2010 for

the National Household Targeting System for Poverty Reduction (NHTS-PR). The

survey was conducted by the Department of Social Welfare and Development
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(DSWD) to select beneficiaries for the Pantawid Pamilyia Pilipino Program, a large-

scale conditional cash transfer (CCT) program. DSWD uses the data to predict per

capita income through a proxy means test, and to determine eligibility for the CCT

program (Fernandez, 2012).

We have access to the full NHTS-PR dataset, which contains information on

the age, gender, education, occupation and complete family name for more than

50 million individuals. We limit our analysis to 20 million observations in the

709 municipalities in which full enumeration took place.9 We further restrict the

sample to data collected between 2008 and April 2010, that is, before the May 2010

elections.

The NHTS-PR data include information on the occupation of all surveyed indi-

viduals.The list of occupations was developed by the National Statistics Office for

its regular Labor Force Surveys (LFSs) and includes 11 categories.10 We rank oc-

cupations according to their average daily wage, computed using wage data from

eight nationally representative LFSs collected in 2008 and 2009.11 The ranking is

unaffected if we focus instead on the median or the 75th percentile of the wage

distribution in each occupation.

We obtained the names of all candidates (and winners) in elections for mayor,

vice mayor and municipal councilor in 2007 and 2010. This yields a dataset of

38,448 candidates, 80 percent of whom ran for the position of municipal councilor.

The rest are evenly split between candidates for mayor and vice mayor, for which

we also have data on the total votes received by each candidate.

3.1 Family ties

We take advantage of naming conventions in the Philippines to assess blood and

marriage links between the surveyed individuals and local politicians.12 Surnames

used in the Philippines were imposed by Spanish colonial authorities in the mid-

19th century, in part to distinguish families at the municipal level in order to facili-

tate census taking and tax collection (Scott, 1998; Gealogo, 2010). Last names were
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selected from the Catalogo alfabetico de apellidos, a list of Spanish names, and thus do

not reflect pre-existing family ties. In each municipality, a particular family name

was given to only one family. As a result, there is considerable local heterogene-

ity in names, reducing concerns that names simply capture an individual’s ethnic

background or other group membership. Names are transmitted across genera-

tions according to well-established rules inspired by Spanish naming conventions.

Specifically, a man’s last name is his father’s last name and his middle name is his

mother’s last name. Similar conventions apply to unmarried women. A married

woman has her husband’s last name and her middle name is her maiden name,

i.e., her father’s last name.

In the Philippines, the process of changing one’s middle or last name is long,

and the probability of success is low. This reduces concerns about strategic name

changes. Article 376 of the Civil Code of the Philippines (Republic Act No. 386,

1949) states that “No person can change his name or surname without judicial

authority." This has been upheld in court cases that have reached the Supreme

Court.13

The dataset includes information on the middle and last names of all surveyed

individuals. Using this information, an individual is classified as being related

to a given politician if she or someone in her household has a middle or last name

matching the politician’s middle or last name. This strategy has been used to assess

blood links between municipal- and provincial-level Filipino politicians over time

(Querubin, 2011, 2016; Cruz and Schneider, forthcoming). Angelucci et al. (2010)

use a similar strategy to measure family networks in Mexico.

In the context of our study, sharing a middle or last name is a priori a good

indicator of family ties. This could be questioned, however, if some names are

too common. For example, if individuals from the same ethnic group all shared

the same last name, the results would capture ethnic ties rather than family con-

nections. In our sample municipalities, there are, on average, 5,998 names used

(median 5,126). There is also a great diversity of names. We compute a Herfind-

ahl Index of name heterogeneity.14 Its average across municipalities is 0.999 and
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its minimum is 0.964, indicating a high level of heterogeneity. The most common

surname in our data, De La Cruz, is used by only 0.32 percent of individuals.15

Therefore, our method generates a credible number of family ties. Importantly,

since the data were collected to identify beneficiaries of a government program,

names were recorded with great care. In particular, middle and last names were

entered separately, so we do not have to worry about how to split family names.

Furthermore, data entry was performed by specially trained staff, so it is unlikely

to be correlated with respondent characteristics.16

3.2 Descriptive statistics

Descriptive statistics on employment by occupation are displayed in Columns 1

and 2 of Table 1.17 Simple comparisons reveal significant differences between in-

dividuals related to office holders and the rest of the population. For example, 3.3

percent of individuals connected to successful candidates in the 2007 elections are

employed in a managerial role, compared to only 2 percent of the population as a

whole. Conversely, 29.1 percent of individuals in the general population are em-

ployed as farmers or fishermen, compared to only 26.5 percent of those connected

to successful candidates in the 2007 elections.

Our objective is to assess the impact of family ties to local politicians on the

probability of being employed in a better-paying occupation (according to their

average daily wage). To do so, we create 10 dummy variables Yp
ij , each of which

is equal to 1 if individual i in municipality j is employed in an occupation of rank

p or above. To illustrate, if individual i is employed in occupation 5, Yp
ij = 0 for

p = {1, 2, 3, 4} and 1 for p = {5, ..., 10}.18 By examining how the entire set of

YP
ij varies between groups of interest, we can trace, in a non-parametric way, how

political connections affect the cumulative distribution of average earnings based

on occupation.

«COMP: Place Table 1 about here»
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4 Estimation strategy

In this section we discuss the relative advantages and drawbacks of several ap-

proaches used to identify a suitable control group. We aim to obtain a credible

estimate of the causal effect of political connections on occupation in a way that

nets out the potential cost of losing an election. We take a step-by-step approach,

discussing how data constraints and unobserved heterogeneity combine to make

it challenging to estimate the value of political connections.

4.1 Starting point: regression discontinuity design

We first estimate the value of political connections by applying a non-parametric

RDD to close elections. This approach, which has been used to estimate the pri-

vate returns of holding office (Eggers and Hainmueller, 2009; Querubin and Sny-

der, 2013; Fisman, Schulz and Vig, 2014), relies on the assumption that relatives of

politicians who were narrowly defeated are most comparable to relatives of nar-

rowly elected politicians.

We use data on votes for the top two candidates in the 2007 mayoral and vice-

mayoral elections. Let YP
ij be an outcome of interest for individual i in municipality

j. We estimate a model of the form:

YP
ij = aCij + f (Vij) + eij, (1)

where a is the parameter of interest, Cij is a dummy variable that equals 1 if indi-

vidual i is related to an elected official in municipality j, f is an unknown smooth

function, Vij is the margin of electoral victory or defeat for i’s relative, and eij is an

idiosyncratic error. Equation (1) is first estimated on a sample composed of rela-

tives of candidates with a 2007 vote margin of +/- 5 percent.19 For each sample, we

follow Imbens and Lemieux (2008) and estimate Equation (1) non-parametrically

with the optimal bandwidth recommended by Imbens and Kalyanaraman (2012).20

We estimate Equation (1) for the outcome variables described in Section 3.2.
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4.2 Main estimation strategy

Data on connections to unsuccessful candidates is seldom available. In such cases,

researchers can only compare politically connected individuals to individuals ran-

domly drawn from the population. To allow comparisons with this literature

(Caeyers and Dercon, 2012), we estimate the value of political connections by re-

gressing the outcome variable on being linked to an elected local official, plus in-

dividual controls. Specifically, we estimate a linear probability model of the form:

YP
ijt = aCijt + bXijt + vjt + uijt, (2)

where YP
ijt is a measure of occupational choice for individual i in municipality j at

the time of the survey t, a is the parameter of interest, Cijt is a dummy variable that

equals 1 if individual i is related to an elected official in municipality j at time t, Xijt

is a vector of observable individual characteristics, vjt is an unobservable affecting

all individuals in municipality j at time t, and uijt is an idiosyncratic error. Here

we introduce a time subscript since, in contrast to our RD estimate, we now use

candidates across two electoral cycles. We cluster standard errors at the provincial

level.21

We estimate Equation (2) in three different ways. We begin by including only

municipal fixed effects. Then we add individual controls Xijt for age, gender and

educational achievements. In the third regression, we also control for i’s marital

status, relationship to the household head and history of displacement, and we

include dummies for the month ⇥ year in which the interview took place. Since

we have a large number of observations, we estimate a fully saturated model, i.e.,

we include a full set of dummies for each distinct value of each control variable.

Equation (2) remains vulnerable to the presence of unobserved heterogeneity

correlated with political connections Cijt. To make this explicit, let us decompose

uijt into three components:

uijt = µij + hij + eijt,
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where eijt is a pure random term with E[eijtCijt] = 0. Component µij denotes the

unobserved heterogeneity associated with being related to someone who ran at

least once in a local election. There are good reasons to expect E[µij|Cijt = 1] >

E[µij|Cijt = 0]. Component hij is the additional unobserved heterogeneity associ-

ated with being connected to a candidate who has won at least one local election.

We expect that E[hij|Cijt = 1] > E[hij|Cijt = 0]. If we can control for µij and hij, then

a captures the effect of being related to an elected official currently in office, net of

any correlation between social status and local politicians, successful or otherwise.

We now discuss how different control groups help us reach this objective.

Control group I: relatives of unsuccessful 2007 candidates We first estimate

Equation (2) on the restricted sample of all individuals related to local politicians

who ran in the 2007 elections. In this approach, as in the RD design discussed

above, individuals related to unsuccessful politicians serve as controls for those re-

lated to successful politicians. The purpose of this method is to net out unobserved

heterogeneity µij. It delivers an unbiased estimate of a provided that E[hijCijt] = 0.

Control group II: relatives of 2010 candidates Even when E[hijCijt] = 0, control

group I remains vulnerable to the following concern. As pointed out by Medina

and Stokes (2007), the relatives of losing candidates may suffer from their con-

nections.22 Such situations are most likely to arise when, as in our study, elected

officials have information about how specific groups of individuals voted, and use

their control over the distribution of certain goods or benefits to punish or reward

individuals.

To illustrate, imagine that an elected politician punishes the relatives of an un-

successful opponent in a way that results in a lower-paying occupation. In this

case, the difference in occupation level YP
ijt between relatives of successful and un-

successful candidates overestimates a since it also includes the punishment im-

posed on relatives of the loser.

One possible solution is to use as the control group the relatives of politicians
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who ran in an election that took place after survey time t, but who did not run in

elections before time t. By construction, the relatives of these politicians cannot

be punished at t for opposing the currently elected official. Based on this idea,

we estimate Equation (2) based on the sample of individuals connected to either

successful candidates in the 2007 elections or to candidates in the 2010 elections

who did not run in 2007. This provides an estimate of a that nets out both µij and

the potential punishment of unsuccessful opponents.

Control group III: relatives of successful 2010 candidates To control for both µij

and hij while netting out possible punishments, we estimate Equation (2) using a

third control group that only includes relatives of successful 2010 candidates who

did not run for election in 2007. This group minimizes several possible sources of

bias and should yield the most accurate estimate of a.23

To the best of our knowledge, this is the first time this estimation strategy is

being used to estimate the value of political connections for individuals.24

We report estimates using all three control groups. Control groups II and, es-

pecially, III represent a marked improvement on the literature to date. We are able

to use these control groups for three reasons. First, we infer links from informa-

tion about names, not from self-reported data. Control groups II and III could not

be constructed from self-reported measures of political connections, since respon-

dents could not be asked about their connections to future candidates. Second,

using names to infer family connections could be problematic in many countries

but, for reasons discussed in Section 3.2, Filipino names are particularly informa-

tive about family ties. Finally, we have a very large sample and there is ample

turnover of local politicians from one election to the next. Had the sample been

smaller and turnover less frequent, the control and treatment groups would have

been too small to estimate a.
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5 Balance

Before reporting the econometric results, Table 2 displays the results of a battery of

balancedness tests for the different estimation strategies used in the analysis.

5.1 RDD approach

To address standard concerns about the possible manipulation of RD estimates

around the threshold, we carry out standard balance tests for RD analysis. We pro-

ceed in two steps. First, we test whether incumbents are more likely to win close

elections, which is in line with the recommendation by Eggers et al. (2015) to vali-

date RDD assumptions by showing that the sample of close elections is balanced.

Second, we compare the relatives of narrow losers and narrow winners along a

number of observable characteristics.

We test whether incumbents (or someone from their family) are more or less

likely to win close races. In the sample of races that we use in the main analysis,

the point estimate is 0.057 with a standard error of 0.203. We are thus unable to

reject the null hypothesis that incumbents and challengers are equally likely to

win close races. This provides reassurance that the sample is indeed balanced.

The results from the analyses of relatives’ characteristics are presented in Col-

umn 1 of Table 2. We see that individuals on the right side of the threshold have

0.68 more years of education and 38 percent more relatives than those on the left

side of the threshold. We revisit this issue when we discuss the control group ap-

proach.25

«COMP: Place Table 2 about here»

5.2 Control group approach

We now turn to the control group approach and examine the data for evidence of

unbalancedness. As suggested by the figures reported in Columns 3–5 of Table

1, a non-negligible share of the difference between individuals who are related to
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office holders and the rest of the population may be due to unobserved heterogene-

ity correlated with political connections: among individuals related to successful

candidates in the 2010 elections who did not run in 2007, 2.5 percent are employed

in a managerial role, which is 24 percent more than in the general population. In

other words, relatives of future political office holders are more likely to occupy a

managerial position than the general population.

To investigate this further, we report balance tests for our three control groups;

the results are presented in Columns 2–4 of Table 2. Overall, it appears that for the

years of education and network size, balance is improved when using a control

group approach compared to an RDD method: the gap between the relatives of

elected officials and the different control groups is about half of what it is when

using the RDD approach. This reinforces our confidence that using relatives of

future winners as a control group is a valid strategy.

To deal with the residual lack of balance, we use two different strategies. We

start by adding individual controls, and include a full set of dummies for each

distinct value of each control variable. We then conduct robustness checks in which

all key variables are fully saturated at the municipal level. This reduces the risk

that our results are driven by a lack of balance on observables.

6 Econometric analysis

We now turn to the estimation of our model of interest.

6.1 Starting point: RDD approach

Before running the RDD regressions, we first show the regression discontinuity

graphically by plotting a local polynomial regression of the probability that some-

one will be employed in the best-paying occupation (manager) on the vote share

of their politician relative in the 2007 elections. The result, presented in Figure 1,

shows a clear jump in the probability of being employed as a manager around the
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election victory cut-off.26 As a placebo test, we report a local polynomial regres-

sion of the probability of being employed as a manager on vote share in the 2010

elections (i.e., after the occupation data were collected). We find no meaningful

evidence of discontinuity in the probability of being employed as a manager at the

cut-off (Figure 2).27

«COMP: Place Figure 1 about here»

«COMP: Place Figure 2 about here»

Table 3 presents the RDD results. We find that political connections have a

strong positive impact on the probability of being employed in a better-paid occu-

pation.28 RDD estimates obtained using the optimal bandwidth suggest that con-

nections increase the likelihood of being employed by 3.9 percentage points. We

find a similar result if we combine the two top occupations: political connections

increase the likelihood of being employed in either a professional or a managerial

role (occupations 9 and 10) by 2 percentage points.

«COMP: Place Table 3 about here»

Since the optimal bandwidth is relatively narrow (around 1.1 percentage points),

there is a risk that our results are driven by a limited number of observations

around the cut-off (Gelman and Imbens, 2014). To show that our results are robust,

we re-estimate the model using twice the optimal bandwidth (Panel C of Table 3).

In addition, we estimate non-parametric regressions with bandwidths of 3, 4 and 5

(Table A4). As shown in Figure A5, larger bandwidths yield results that are equiv-

alent to assuming that the function f in Equation (1) is linear on both sides of the

cut-off, and thus observations just around the cut-off are less likely to influence the

results. This set of results confirms our previous findings and reduces concerns

that our RDD findings are driven by a limited number of observations just around

the cut-off.29

The RD results discussed thus far estimate the effect of being connected to a

closely elected politician within the set of individuals related to close winners and
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losers. While inherently relevant, those estimates nonetheless combine two possi-

ble effects: the benefits for relatives of the winner and the punishment of relatives

of the loser.30 In the next section, we seek to parse out the two effects.

6.2 Main results: control group approach

To fix ideas, we begin by reporting naive ordinary least squares estimates using the

entire population as the control group. The results indicate that individuals related

to politicians in office are more likely to be employed in better-paying occupations

(Table 4). For example, a randomly selected individual related to an elected local

official is 4.1 percentage points more likely to be employed as at least a service

worker than an average citizen. The effect of a connection to a local politician is 1.5

percentage points for managerial positions. This represents an increase of about 70

percent in the mean probability of being a manager.

«COMP: Place Table 4 about here»

The results reported in Panels A and B of Table 4 show that a share of the dif-

ference in occupations can be attributed to observable characteristics. Depending

on the outcome of interest, the inclusion of additional controls reduces point es-

timates by 0.5–0.75 percentage points. With the full set of controls, the impact of

political connections on the probability of being employed as a manager drops to

0.75 percentage points. However, adding controls other than those reported in the

table no longer affects the point estimates.

As explained in Section 4, we now compare the naive results reported in Ta-

ble 4 to those obtained with control groups I, II and III. The results using control

group I are reported in the right corner of Figure 3 and Panel A of Table 5. When

we use control group I – i.e., the relatives of unsuccessful 2007 candidates – to

net out unobserved heterogeneity µij, our results are qualitatively similar to those

obtained using the full sample. This is clearest when comparing the top left and

right corners of Figure 3. However, if we compare Panel B of Table 4 to Panel A

of Table 5, the point estimates are lower than those obtained using the full sample:

16



depending on the outcome of interest, they fall by 29 to 40 percent. In particular,

political family ties are now associated only with a 0.55-percentage-point increase

in the probability of being employed in a managerial role.31 These findings are

consistent with the idea that the bias caused by µij is positive: individuals related

to politicians who run in local elections come from more privileged social back-

grounds and, on average, tend to have slightly better occupations.

Next we use control group II, in which the relatives of 2010 candidates who did

not run in 2007 are compared to those of successful 2007 candidates. The purpose

is, as with control group I, to net out µij, and to avoid including in the estimate

of political connections the potential costs incurred by individuals connected to

unsuccessful candidates. The results are shown in the bottom-left corner of Figure

3 and Panel B of Table 5. They show that family ties to elected officials remain

associated with better-paid occupations. We also estimate the same regressions on

individuals connected to unsuccessful candidates in 2010 who did not run in 2007,

and find similar results (see Table A8).32

There is still a possibility that relatives of successful local politicians differ from

those of unsuccessful ones. To account for this possibility, we further restrict the

control group to individuals connected to candidates who were successful in the

2010 election but did not run in 2007. This nets out both µij and hij. This is control

group III. The results are presented in the bottom-right corner of Figure 3 and in

Panel C of Table 5. They confirm that individuals connected to currently serving

local officials are more likely to be employed in better-paid occupations.33

Although small in magnitude, the effect of political connections is economi-

cally significant: using our most conservative estimates, we find that individuals

connected to current office holders are 14.8 percent more likely than individuals in

control group III to be employed in either a professional or managerial position,

and 19.2 percent more likely to be employed in a managerial position.

«COMP: Place Figure 3 about here»

«COMP: Place Table 5 about here»
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6.3 Discussion and interpretation

What do we learn from comparing estimates obtained using different approaches

and control groups? First, by comparing the results from the full sample to those

using control group I, we found that, as anticipated, an upward bias arises when

estimating the impact of political connections without controlling for unobserved

heterogeneity µij: point estimates obtained using the full sample are 40 to 57 per-

cent higher than those obtained using control group I (Panel B of Tables 4 and A6).

Similar conclusions are obtained with control groups II and III, which also control

for hij.

Second, we can assess the magnitude of the bias generated by hij by comparing

the point estimates obtained using control groups II and III: those obtained with

control group III are smaller than those calculated using control group II, which

suggests that hij is positive but much smaller than µij.

Third, we have presented evidence consistent with the idea that there are costs

associated with being related to a candidate who lost.34 Comparing the point es-

timates obtained with control groups I and II suggests that the relatives of un-

successful 2007 candidates do not suffer from their ties to an unlucky challenger.

However, in a context where the bureaucracy is politicized, only a small number

of individuals may suffer. Relatives of close losers, i.e., relatives of candidates who

almost won the 2007 elections, represent a bigger threat than relatives of non-close

losers, and therefore might be the ones suffering such costs. This could explain

why the point estimates obtained through RDD are higher than those obtained

with any of the three control groups, and why RDD estimates increase as the band-

width decreases.35

Fourth, to more directly test the costs associated with being related to a can-

didate who lost, we combine individuals connected to unsuccessful candidates in

the 2007 elections to those connected to candidates who were unsuccessful in the

2010 elections but who did not run in 2007. We plot local polynomial regressions

of the probability of being employed in the best-paying occupations on their rela-

tives’ vote share (Figure A7). For individuals connected to candidates who lost by
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a margin of less than 5 percentage points, the probability of being employed as a

manager is noticeably lower for individuals connected to 2007 candidates than for

those connected to 2010 candidates. We also regress on that sample the probability

of being employed in the best-paying occupations on a dummy equal to 1 if the in-

dividual is connected to a losing candidate in 2007. We are able to reject the null of

no effect (at the 10 percent level) for individuals connected to candidates who lost

by less than 5 percentage points, but not for those connected to candidates who

lost by larger margins (Figure A8). This provides additional evidence consistent

with a theory of political control of the bureaucracy whereby incumbents staff the

local bureaucracy with individuals whose incentives are aligned with their own

electoral objectives.36 Data constraints prevent us from testing this directly, how-

ever.

Based on the above evidence, we conclude that control group III provides the

most credible estimates of the benefits of family ties to elected local officials net of

potential punishment. The robustness checks discussed below and in the online

appendix therefore focus on that control group.

In the online appendix, we discuss a large number of falsification and robust-

ness checks. We highlight the main ones below. The results are robust to control-

ling flexibly for family size (Panel A of Table A14) and to estimating a restrictive

matching estimator in which we compare connected individuals of the same gen-

der, age and education living in the same municipality (Panel B of Table A14). In

addition, we find no difference between relatives of candidates elected for the first

or the second time in 2007. This reduces concerns that our results are driven by

trends in the type of candidates running for office. Finally, the results are also ro-

bust to excluding municipalities where the incumbent mayor’s family has been in

office for three terms or more (Panel D of Table A14). These results and a number

of additional robustness checks are discussed in detail in the online appendix.

19



6.4 Heterogeneity

Having confirmed the robustness of our findings to a number of possible con-

founding effects, we investigate whether the occupational benefit of family con-

nections varies with observable individual characteristics. To this effect, we in-

teract the family ties dummy with gender, age and education.37 As is clear from

Table 6, we find evidence of significant heterogeneity. First, the benefits derived

from political connections are stronger for more-educated individuals: each addi-

tional year of education is associated with a 0.09-percentage-point increase in the

likelihood of managerial employment among connected individuals. Second, the

impact of family ties on managerial employment is 45 percent lower for women

than it is for men. The impact of political connections also appears to be increasing

with age.

«COMP: Place Table 6 about here»

To investigate this further, we relax the assumption that the relationship be-

tween education and the value of political connections is linear. To analyze this

possibility, we estimate the value of political connections separately for each edu-

cation level. In Figure 4 we plot each point estimate and its associated 95 percent

confidence interval. The results show a convex increasing relationship between

education and the value of political connections.

«COMP: Place Figure 4 about here»

These findings are hard to reconcile with a simple model of patronage in which

jobs are provided to unqualified individuals who are connected to politicians. In

such a setting, it is the less-educated and inexperienced individuals who would

benefit the most from political connections. This is not what we find. Furthermore,

additional analysis suggests that connected individuals tend to be better educated

than non-connected individuals employed in the same occupations. For example,

among individuals who are employed in the best-paying occupations, 57.6 percent

of individuals connected to office holders are college graduates, compared to 53.8
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percent of unconnected individuals. The corresponding figure for individuals in

control group III is 55.5 percent. This suggests that, if anything, it is the more-

educated individuals who get managerial jobs thanks to their political connections.

Finally, we investigate whether the value of political ties varies according to the

type of elected official. To this effect, we estimate Equation (2) with all the possible

interactions between three dummies capturing links to a mayor, vice-mayor or

municipal councilor. We then compute the marginal effects for each dummy. The

results are shown in Table A18. As could be anticipated, the estimated impact of

a family tie tends to be greater for mayors than for vice mayors and municipal

councilors. The relatives of the mayor are 0.85 percentage points more likely to be

employed in a managerial position. The point estimate for municipal councilors

is a smaller 0.43 percentage points, a difference that is statistically different from

zero at the 1 percent level.

7 Conclusion

In this paper, we have provided evidence that family ties to locally elected politi-

cians are associated with better-paid occupations. The evidence we have brought

to bear indicates that this association is probably causal.38 In addition to an RDD,

we have dealt with unobserved heterogeneity using a variety of control groups,

including individuals related to candidates who are elected in subsequent elec-

tions. Our findings are robust to these alternative estimation techniques and to

the inclusion of numerous control variables: the effect of political connections on

better-paid occupations is consistently shown to be economically and statistically

significant. In addition, we find that being related to an unsuccessful candidate

who lost by a small margin is associated with a less favorable occupation.

Although the data at our disposal are quite comprehensive, they do not al-

low us to establish unambiguously whether political favoritism in employment

affects the local delivery of public services. To explore this issue, we construct

a municipal-level measure of the extent to which political connections affect the
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types of occupations people are engaged in, and correlate it with the quality of

health service delivery, which has been devolved to the municipality level (Ca-

puno, 2009; Khemani, 2015). Our measure of distortion is calculated as the dif-

ference in the probability of being employed as a manager between individuals

related to a politician in office between 2007 and 2010 and those related to a politi-

cian who ran in either the 2007 or 2010 municipal election. Using this difference as

a measure of political distortion, we find that more distortion is associated with an

increase in the percentage of children under the age of 6 that is underweight (Panel

A of Table 7). The correlation is robust to controlling for a number of municipal

characteristics, including poverty incidence, average education levels, Gini coeffi-

cient and incumbent vote share in the previous election. In contrast, if we focus

on education, a sector that has not been devolved to the municipal level, we find

no correlation between education outcomes and labor market distortions due to

political connections (Panels B–E of Table 7). While we are unable to make causal

claims based on those results, they suggest that politicians’ ability to help their rel-

atives secure better-paying occupations negatively affects the delivery of services

by the municipal bureaucracy.

«COMP: Place Table 7 about here»
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Appendix: background on the split-sample approach

To deal with concerns about specification search and publication bias, we initially

planned to implement a method described by Fafchamps and Labonne (2016),

which proceeds as follows. A third party is asked to randomly split the data into

two halves. The first half (the training set) is used to narrow down the list of hy-

potheses researchers want to test. Once the list is finalized and agreed with referees

and editors, they are applied to the second half (the testing set). The purpose of this

approach is to provide credible estimates that are free of specification search and

publication bias, and to deliver adequately sized statistical tests. By allowing the

researcher to learn from the training sample, this approach reduces concerns that

pre-analysis plans might ‘stifle innovation’ (Casey, Glennerster and Miguel, 2012;

Deaton, 2012). It is related to the strategy advocated by Humphreys, Sanchez de la

Sierra and van der Windt (2013), who argue that researchers carrying out Random-

ized Controlled Trials (RCTs ) should write mock reports with fake data before the

real data become available in order to distinguish between exploratory analyses

and genuine tests (Humphreys, Sanchez de la Sierra and van der Windt, 2013). The

main advantage of our approach is that, since we are using real data, we are able

to incorporate the results from the exploratory analyses into our analysis plans.

The exact procedure we used is as follows. After putting the data together, we

wrote a program to split the sample into two randomly generated halves. For a

number of variables, intra-cluster correlations within households and villages is

relatively high. Hence, to reduce the chance that the two halves may be too cor-

related, we sampled villages, rather than individuals or households. We sent the

program and the dataset to a third party who generated the two random samples.

The third party sent us the training sample and kept the testing sample. Impor-

tantly, the program used to generate the samples generates new provincial, mu-

nicipal, village, household and individual IDs. As a result, at no point were we

able to reconstruct the testing sample from the training and full samples.

Using the training sample, we wrote a draft that we presented at a number

of conferences and seminars. The feedback we received was incorporated into
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the paper that we submitted to The Journal of Law, Economics, & Organization. The

referees provided further comments, and the co-editor invited us to revise and

resubmit the paper. As part of the revision process, we prepared a full draft of the

paper – taking into account the referees’ comments – using the training data. We

then registered that version of the paper with Evidence in Governance and Politics.

We then generated the full set of results using both the full dataset and the testing

sample.

The Editorial board asked us to resubmit the paper using the full dataset, which

we did. Below we briefly discuss the results obtained using the testing sample

(these results are available in the online appendix in Figures T1–T4 and Tables T1

– T8).

The results obtained on the testing sample with control groups I, II and III are

consistent with those obtained using the full sample. The main difference is that

the RDD results and some of the heterogeneous treatment effects are no longer

significant. In particular, on the testing sample, there is no evidence that more-

educated individuals benefit more from political connections. Similarly, there is

no evidence that the effects are stronger in municipalities where the incumbent’s

family has been in power longer or has facilitated larger fiscal transfers. For these

reasons, we downplay these findings in the body of the paper.

As an additional robustness check, we carry out a bootstrap exercise for the es-

timates obtained with control group III, our preferred/most conservative control

group. In each iteration we sample, in each municipality, 50 percent of the individ-

uals are either connected to a politician in office between 2007 and 2010 or are part

of control group III. For each sample, we estimate Equation (2) using the full set

of controls. We run 1,000 iterations of this exercise. The point estimates on the ef-

fects of connections on the likelihood of being employed in a managerial role range

from 0.32–0.65 percentage points (average 0.48). Similarly, the point estimates of

the effects of connections on the likelihood of being employed in a professional or

managerial position range from 0.25–0.67 percentage points (average 0.45). In both

cases, the relevant point estimates are significant in all regressions.
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remaining errors are ours.
1Thanks to panel data, progress has been made on establishing the value of political connec-

tions for firms (Fisman, 2001; Khwaja and Mian, 2005; Faccio, 2006; Cingano and Pinotti, 2013).

Studies have established that political connections, in the form of either fixed ties (such as family

ties) or more direct investment (such as campaign contributions), are valuable in the sense that the

connected firms tend to have higher stock market valuations. This is a feature of both developed

and developing economies, and those effects tend to be higher in countries with higher levels of

corruption (Faccio, 2006). A number of channels have been identified, the most common of which

are that connected firms are more likely to benefit from procurement contracts, and tend to enjoy

lower capital costs and a more favorable regulatory environment. A related literature that explores

the private returns on holding office has found that politicians’ assets tend to grow faster than if

they had not been elected either while in they are office or once they have left (Eggers and Hain-

mueller, 2009; Querubin and Snyder, 2013; Fisman, Schulz and Vig, 2014). Less progress has been
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made in identifying the value of political connections for individuals (Besley, Pande and Rao, 2012;

Blanes i Vidal, Draca and Fons-Rosen, 2012; Caeyers and Dercon, 2012; Markussen and Tarp, 2014;

Gagliarducci and Manacorda, 2016; Folke, Persson and Rickne, forthcoming). This is related to

the literature on the role of family links in labor markets. For example, Wang (2013) documents a

significant reduction in earnings when a man’s father-in-law dies.
2The dataset does not include information on the sector of employment.
3Others have used information on rare surnames to study intergenerational mobility (e.g, Clark

(2014) and Guell, Rodriguez Mora and Telmer (2015)).
4This suggests at the very least that, based on observables, incompetent relatives are not the

ones deriving the greatest benefits from their connections.
5For example, Cullinane (2009, p 190) reports that when asked about his relatives’ employment

in the local government, Filipino politician Ramon Durano told a reporter that “politics is not some-

thing you can entrust to non-relatives." Sidel (1999) argues that municipal mayors in the Philippines

use their control over tax collection and regulatory enforcement both to enrich themselves and to

gain electoral rewards.
6All relevant documents are available at http://egap.org/registration/1891.
7See, for example, Wallis (2006) for a detailed account of systematic corruption in the 19th and

early 20th centuries in the United States and Wallis, Fishback and Kantor (2006) on efforts to reduce

political manipulation at the local level during the New Deal.
8Similarly, Hollnsteiner (1963) argues that Filipino voters expect incumbents to help them se-

cure employment. Municipal politicians have incentives to develop relationships with those who

have influential positions in private business - for example, owners of large companies need many

unskilled workers such as messengers, laborer, guards and janitors, as well as many white collar

workers such as clerks, accountants and collectors. Therefore ties to them may enable politicians to

help individuals secure employment in many types of jobs (Hollnsteiner, 1963).
9In the remaining municipalities, information was only collected on residents in so-called pockets

of poverty. The main concern here is that we do not have information on how these pockets of

poverty were selected, which prevents us from recovering survey weights. In addition, there is a

risk that since these selection criteria are correlated with poverty, they might also be correlated with

political connections, which would affect our main estimates.
10During the first few months of NHTS-PR survey collection, a different list of occupation was

used. Given that the two classifications cannot be reconciled, we restrict our sample to the data col-
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lected with the Labor Force Surveys classification. This leaves us with data on 562 municipalities.
11The sample is restricted to municipalities in the NHTS-PR dataset.
12To be clear, we realize that not all people who are related by blood or by marriage have strong

social links. The interested reader should think of our results as our intent-to-treat population. The

mean effects are probably stronger.
13For example, in the case Wang v. Cebu City Civil Registrar (G.R. No. 159966, 30 March 2005, 454

SCRA 155), Justice Tinga indicated that “the Court has had occasion to express the view that the

State has an interest in the names borne by individuals and entities for purposes of identification,

and that a change of name is a privilege and not a right, so that before a person can be authorized to

change his name given him either in his certificate of birth or civil registry, he must show proper or

reasonable cause, or any compelling reason which may justify such change. Otherwise, the request

should be denied."
14It is defined as 1 � Â s2

i , where si is the share of individuals in the municipality using name i.
15The distribution of names in our study population is much more dispersed than in neighboring

East Asian countries. For example, in China, the most common surname is used by 7.25 percent of

the population and the Herfindahl Index at the national level is 0.971; in Taiwan the comparable

figures are 11 percent and 0.953, respectively; and in Vietnam they are 38 percent and 0.821. Thus in

all three countries, the diversity of names at the national level is lower than that in the Philippines

at the municipal level.
16There are two sources of potential measurement error in our measure of family ties. First, it is

possible that non-related households share the same last name. As explained earlier, this potential

source of error is reduced in our data due to the mid-19th century renaming of all citizens. Second,

data entry errors might have led to some names being misspelled, e.g., De Los Reyes spelled De

Los Reyez). These sources of measurement error generate an attenuation bias that works against

rejecting the null of no effect.
17It is important to note that the ‘none’ category (which contains about 40.2 percent of individu-

als) includes both individuals not in the labor force and unemployed individuals. This is consistent

with official employment statistics: between 2007 and 2010, labor force participation in the Philip-

pines was around 65 percent and, among the working-age population, the unemployment rate was

7 percent. Additional descriptive statistics are available in Table A1.
18Y0

ij drops out since, by construction, it is always equal to 1.
19Using this cut-off to define close elections, we find that 17.1 percent of mayoral elections in
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our sample are close. Among the vice-mayoral elections, the proportion is 14.7 percent. Overall,

there is at least one close election in 27.5 percent of the municipalities in our sample. Comparing

municipalities with and without close elections, we find no statistically significant difference in

poverty incidence, the number of times the incumbent’s family has been in office, or per capita

fiscal transfers from the central government. There is some evidence that municipalities with close

elections are slightly less populous (significant at the 5 percent level), but once we regress a dummy

equal to 1 if either the mayoral or vice-mayoral election was close in 2007 on the set of four control

variables, we are unable to reject the null of no effect for any of the coefficients. The F-stat for the

regression is 1.95 (p-value 0.114).
20This is implemented in Stata using the rd command developed by Nichols (2011). It estimates

a local linear regression with a triangular kernel.
21The results are similar if we cluster standard errors at either the municipal level (Table A22)

or along both month⇥year and province, using the two-way clustering method developed by

Cameron, Gelbach and Miller (2011) (Table A23).
22There is evidence that politicians discriminate against their opponents’ supporters in settings

as diverse as India (Wilkinson, 2007), Russia (Hale, 2007), Singapore (Tremewan, 1994), Venezuela

(Hsieh et al., 2011) and, to some extent, the United States (The Economist, 2014). Hsieh et al. (2011)

find that Chavez’s opponents were less likely to be employed once their names became public.

Similarly, in the 1980s the People’s Action Party (PAP), the ruling party in Singapore, changed its

vote-counting system. In a country where a large share of the population lives in public housing,

the PAP has access to electoral outcomes down to the apartment block level and voters know that

supporting the opposition translates into a lower priority for their building maintenance (Treme-

wan, 1994). More recently, New Jersey Governor Chris Christie became involved in an imbroglio

when it surfaced that two traffic lanes on a bridge between New Jersey and Manhattan were closed

to punish supporters of a political opponent (The Economist, 2014). In the Philippines, Lande (1965)

argued that local politics is organized around factions and that politicians often avenge themselves

by attacking their opponents’ relatives or followers. In an extreme example in the Philippines, in

November 2009, Esmael Mangudadatu wanted to file his candidate registration form in order to

run for provincial governor of Maguindanao in the May 2010 elections against the powerful Am-

patuan clan. Aware of threats against his life, he asked some of his relatives and a number of

journalists to file the paperwork on his behalf to deter such an attack. On the way to do so, their

convoy was stopped. Fifty-eight people were brutally massacred and members of the Ampatuan
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clan have been charged with their murder (Human Rights Watch, 2010).
23We maintain the assumption that the pool of candidates is comparable across the two electoral

cycles. We discuss evidence consistent with this assumption. For example, relatives of candidates

elected for the first time in 2007 have a similar employment status as relatives of candidates elected

for the second time in 2007. If trends in candidate quality explained our results, we should observe

differences between the two groups.
24This method has been implicitly used in the literature on the impact of political connections for

firms. Researchers often have access to panel data and can thus compare, within the set of firms

that are politically connected at some point in their sample years, firms that are connected at time t

and those that are not.
25We also use the approach developed by McCrary (2008) to test for potential manipulation of

the running variable (vote margin in our case). The null hypothesis is that the vote margin variable

is continuous at the threshold. The McCrary statistics is 0.655 with a standard error of 0.044, which

leads us to reject the null. It is important to note that, for each candidate elected with vote margin x,

there is another candidate who lost with vote margin �x. This implies that, across the sample of all

elections, the vote margin variable is continuous around the threshold by construction. It follows

that the test is not particularly useful in our case. Continuity appears to be rejected because, in

the individual-specific results presented in Column 1 of Table 2, elected individuals have more

relatives, and hence there are more observations above the threshold than below.
26To check that our results are not driven by non-linearities, we reproduce the graph for samples

composed of relatives of candidates with a 2007 vote margin of +/- 5 percent, +/- 7.5 percent, +/-

12.5 percent and +/- 15 percent. See Figures A1 to A4.
27The estimation sample includes relatives of winners and runners-up in elections that were de-

termined by vote margins of 10 percentage points or less. To avoid capturing the effects of the 2007

elections, the estimation sample excludes all individuals who are connected to either the winner

or the runner-up in the 2007 elections. Note that we use a slightly larger bandwidth to generate

this graph than to generate Figure 1 in order to avoid a statistical artifact (given that we drop all

2010 observations that involve winners and runners-up in the 2007 election, there are very few

observations just below the threshold).
28We get similar results when using the relatives of candidates with a 2007 vote margin of either

+/- 2.5 percent or +/- 10 percent – see Tables A2 and A3.
29Importantly, when we use the same estimation strategy we are unable to reject the null of no
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effect for the 2010 elections - those that took place after the data were collected (Table A5). We use

the same sample as the one used to generate Figure 2 (cf. footnote 27). As with the results obtained

in the 2007 sample, we also display the placebo results with the larger bandwidth in Figure A6.
30It is important to note that we are not arguing that RD estimates are never valid. The issues

discussed here would not affect papers interested in using RD designs to estimate, for example, the

effects of partisan alignment between different levels of government on fiscal transfers or on the

vote share of national politicians.
31Additional results are available in Table A6. They confirm the conclusions drawn here.
32Additional results are available in Table A7. They do not affect our conclusions.
33Our robustness analysis presented in Table A9 does not change this conclusion.
34Additional results are available in the Appendix.
35Recall that the RDD estimates were obtained on the sample of individuals related to candidates

for either mayor or vice mayor in the 2007 elections. The three control groups include relatives of

candidates for municipal councilor. To reduce concerns that the differences in the estimates are

driven by the inclusion of individuals related to candidates for municipal councilor, we estimate

Equation (2) on the sample of individuals related to candidates for either mayor or vice mayor

in the 2007 elections (Table A10). The RDD estimates are much larger than the regression point

estimates on that subsample.
36An alternative view is that incumbents are sending a signal to potential challengers: an unsuc-

cessful bid for office will involve costs for the candidate’s relatives. If this second interpretation is

correct, then we would expect individuals connected to opposition politicians to suffer from their

connections across a broad range of outcomes, not simply in terms of occupation. This is left for

future research.
37We also explore heterogeneity along family size. We are unable to reject the null that the coef-

ficient on the interaction term is 0 (results available upon request).
38While our current data only allow us to estimate the short-term value of political connections,

we will attempt to establish the longer-term impacts in future research.
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to generate the 95% confidence intervals account for potential correlation within province.
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Table 1: Descriptive statistics: Individual-level

Full Connected Control Group
Sample I II III

(1) (2) (3) (4) (5)
Occupation
0. None 40.18 40.72 40.65 40.1 39.97
1. Laborers, Unskilled Workers 15.38 13.93 14.84 14.58 14.50
2. Farmers, Forestry Workers, Fishermen 29.12 26.49 27.22 28.71 28.76
3. Service, Shop, Market Sales Workers 5.01 5.41 5.44 5.19 5.05
4. Trades, Related workers 2.02 2.22 2.11 2.10 2.13
5. Plant, Machine Operators, Assemblers 1.45 1.43 1.50 1.45 1.45
6. Clerks 0.58 0.82 0.75 0.66 0.70
7. Technicians, Associate Professionals 0.59 0.74 0.71 0.66 0.61
8. Special Occupations 1.30 1.35 1.25 1.31 1.30
9. Professionals 2.36 3.64 3.11 2.85 3.03
10. Officials, Managers, Supervisors 2.02 3.25 2.43 2.38 2.50
Controls
Age 39.25 40.17 39.82 39.48 39.75
Education (years) 8.15 9.02 8.70 8.48 8.52
Female 0.49 0.50 0.50 0.49 0.49
Observations 7,839,602 786,126 779,823 480,700 116,931

Notes: Control group I includes relatives of unsuccessful candidates in the 2007 elections,
Control group II includes relatives of candidates in the 2010 elections who did not run in
2007 and Control group III includes relatives of successful candidates in the 2010 elections
who did not run in 2007.
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Table 2: Balance Tests
RDD Control Group

I II III
(1) (2) (3) (4)

Panel A: Age
Connected Office (2007) 0.0014 0.0021*** 0.0026*** 0.0013

(0.025) (0.001) (0.001) (0.002)

Observations 30,427 786,436 635,432 454,889
R-squared 0.001 0.001 0.001
Panel B: Education (years)
Connected Office (2007) 0.6498*** 0.3245*** 0.4794*** 0.3600***

(0.174) (0.041) (0.043) (0.064)

Observations 30,427 786,436 635,432 454,889
R-squared 0.137 0.144 0.134
Panel C: Female
Connected Office (2007) -0.2358 0.0718 0.2804*** 0.2856***

(0.700) (0.048) (0.052) (0.073)

Observations 30,427 786,436 635,432 454,889
R-squared 0.029 0.03 0.030
Panel D: Number of Relatives (log)
Connected Office (2007) 0.3875*** 0.1627*** 0.2814*** 0.2099***

(0.059) (0.021) (0.029) (0.049)

Observations 30,427 786,436 635,432 454,889
R-squared 0.219 0.224 0.236

Notes: This table reports various balance tests estimated on different samples either
through RDD or OLS. In Column 1, the sample includes relatives of one of the top two
candidates in the 2007 mayoral and vice-mayoral elections (vote margin +/- 5 percent)
and the effects are estimated through RDD. In Columns 2-4, the dependent variable is
regressed on a dummy equal to one if the respondent is related to a politician that was
elected to office in 2007 and a full set of municipal dummies. In Column 2, officials’ rel-
atives are compared to relatives of unsuccessful candidates in the 2007 elections (Control
Group I). In Column 3, officials’ relatives are compared to relatives of candidates in the
2010 elections who did not run in 2007 (Control Group II). In Column 4, officials’ relatives
are compared to relatives of successful candidates in the 2010 elections who did not run
in 2007. In Panel A, the dependent variable is age. In Panel B, the dependent variables is
the number of years of educations. In Panel C, the dependent variable is a dummy equal
to one if the respondent is female. In Panel D, the dependent variable is the log of the
sum of the number of individuals who share the individual’s middle name in the munic-
ipality and of the number of individuals who share the individual’s middle name in the
municipality. In Columns 2-4, the standard errors (in parentheses) account for potential
correlation within province. * denotes significance at the 10%, ** at the 5% and, *** at the
1% level.

39



Ta
bl

e
3:

Th
e

ef
fe

ct
s

of
co

nn
ec

tio
ns

on
th

e
pr

ob
ab

ili
ty

of
be

in
g

in
an

y
oc

cu
pa

tio
n

w
ith

re
gr

es
si

on
di

sc
on

tin
ui

ty
de

si
gn

s
-N

on
pa

ra
m

et
ri

c
(1

)
(2

)
(3

)
(4

)
(5

)
(6

)
(7

)
(8

)
(9

)
(1

0)
1-

10
2-

10
3-

10
4-

10
5-

10
6-

10
7-

10
8-

10
9-

10
10

-
Pa

ne
lA

:O
pt

im
al

Ba
nd

w
id

th
C

on
ne

ct
ed

O
ffi

ce
(2

00
7)

0.
03

92
*

0.
05

64
**

*
0.

03
94

**
0.

03
49

**
*

0.
02

94
**

0.
02

40
**

0.
02

88
**

0.
02

68
**

0.
02

05
**

0.
00

18
(0

.0
22

)
(0

.0
21

)
(0

.0
16

)
(0

.0
13

)
(0

.0
12

)
(0

.0
12

)
(0

.0
12

)
(0

.0
12

)
(0

.0
10

)
(0

.0
07

)

O
bs

er
va

tio
ns

59
,7

16
59

,7
16

59
,7

16
59

,7
16

59
,7

16
59

,7
16

59
,7

16
59

,7
16

59
,7

16
59

,7
16

Pa
ne

lB
:H

al
fO

pt
im

al
Ba

nd
w

id
th

C
on

ne
ct

ed
O

ffi
ce

(2
00

7)
0.

04
97

*
0.

07
97

**
*

0.
05

95
**

*
0.

06
12

**
*

0.
04

97
**

*
0.

04
59

**
*

0.
03

03
**

0.
02

27
0.

02
99

**
0.

00
78

(0
.0

28
)

(0
.0

26
)

(0
.0

19
)

(0
.0

15
)

(0
.0

14
)

(0
.0

14
)

(0
.0

14
)

(0
.0

14
)

(0
.0

12
)

(0
.0

08
)

O
bs

er
va

tio
ns

59
,7

16
59

,7
16

59
,7

16
59

,7
16

59
,7

16
59

,7
16

59
,7

16
59

,7
16

59
,7

16
59

,7
16

Pa
ne

lC
:T

w
ic

e
O

pt
im

al
Ba

nd
w

id
th

C
on

ne
ct

ed
O

ffi
ce

(2
00

7)
0.

02
54

*
0.

01
91

0.
01

78
*

0.
02

41
**

*
0.

01
96

**
0.

01
53

*
0.

03
16

**
*

0.
02

87
**

*
0.

01
80

**
0.

00
93

*
(0

.0
14

)
(0

.0
13

)
(0

.0
11

)
(0

.0
09

)
(0

.0
09

)
(0

.0
08

)
(0

.0
09

)
(0

.0
09

)
(0

.0
07

)
(0

.0
05

)

O
bs

er
va

tio
ns

59
,7

16
59

,7
16

59
,7

16
59

,7
16

59
,7

16
59

,7
16

59
,7

16
59

,7
16

59
,7

16
59

,7
16

N
ot

es
:

R
es

ul
ts

fr
om

no
np

ar
am

et
ri

c
re

gr
es

si
on

s.
Th

e
sa

m
pl

e
in

cl
ud

es
re

la
tiv

es
of

on
e

of
th

e
to

p
tw

o
ca

nd
id

at
es

in
th

e
20

07
m

ay
or

al
an

d
vi

ce
-m

ay
or

al
el

ec
tio

ns
(v

ot
e

m
ar

gi
n

+/
-

5
pe

rc
en

t)
.

Th
e

de
pe

nd
en

t
va

ri
ab

le
is

a
du

m
m

y
eq

ua
l

to
on

e
if

th
e

in
di

vi
du

al
is

em
pl

oy
ed

(C
ol

um
n

1)
,

is
em

pl
oy

ed
in

oc
cu

pa
tio

ns
2-

10
(C

ol
um

n
2)

,i
s

em
pl

oy
ed

in
oc

cu
pa

tio
ns

3-
10

(C
ol

um
n

3)
,i

s
em

pl
oy

ed
in

oc
cu

pa
tio

ns
4-

10
(C

ol
um

n
4)

,i
s

em
pl

oy
ed

in
oc

cu
pa

tio
ns

5-
10

(C
ol

um
n

5)
,i

s
em

pl
oy

ed
in

oc
cu

pa
tio

ns
6-

10
(C

ol
um

n
6)

,i
s

em
pl

oy
ed

in
oc

cu
pa

tio
ns

7-
10

(C
ol

um
n

7)
,i

s
em

pl
oy

ed
in

oc
cu

pa
tio

ns
8-

10
(C

ol
um

n
8)

,i
s

em
pl

oy
ed

in
oc

cu
pa

tio
ns

9-
10

(C
ol

um
n

9)
an

d
is

em
pl

oy
ed

in
oc

cu
pa

tio
n

10
(C

ol
um

n
10

).
*

de
no

te
s

si
gn

ifi
ca

nc
e

at
th

e
10

%
,*

*
at

th
e

5%
an

d,
**

*
at

th
e

1%
le

ve
l.

40



Ta
bl

e
4:

Th
e

ef
fe

ct
s

of
co

nn
ec

tio
ns

on
th

e
pr

ob
ab

ili
ty

of
be

in
g

in
an

y
oc

cu
pa

tio
n

-F
ul

ls
am

pl
e

(1
)

(2
)

(3
)

(4
)

(5
)

(6
)

(7
)

(8
)

(9
)

(1
0)

1-
10

2-
10

3-
10

4-
10

5-
10

6-
10

7-
10

8-
10

9-
10

10
-

Pa
ne

lA
:M

un
ic

ip
al

Fi
xe

d
Ef

fe
ct

s
C

on
ne

ct
ed

O
ffi

ce
(2

00
7)

-0
.0

05
0*

**
0.

00
37

**
0.

04
10

**
*

0.
03

74
**

*
0.

03
51

**
*

0.
03

46
**

*
0.

03
21

**
*

0.
03

04
**

*
0.

02
78

**
*

0.
01

45
**

*
(0

.0
01

)
(0

.0
02

)
(0

.0
02

)
(0

.0
02

)
(0

.0
02

)
(0

.0
02

)
(0

.0
02

)
(0

.0
02

)
(0

.0
01

)
(0

.0
01

)

O
bs

er
va

tio
ns

7,
82

1,
77

2
7,

82
1,

77
2

7,
82

1,
77

2
7,

82
1,

77
2

7,
82

1,
77

2
7,

82
1,

77
2

7,
82

1,
77

2
7,

82
1,

77
2

7,
82

1,
77

2
7,

82
1,

77
2

R
-s

qu
ar

ed
0.

02
1

0.
05

1
0.

03
5

0.
02

4
0.

02
3

0.
02

2
0.

02
2

0.
02

1
0.

01
2

0.
00

9
Pa

ne
lB

:M
un

ic
ip

al
Fi

xe
d

Ef
fe

ct
s

an
d

In
di

vi
du

al
C

on
tr

ol
s

C
on

ne
ct

ed
O

ffi
ce

(2
00

7)
-0

.0
02

6*
-0

.0
02

0.
01

22
**

*
0.

01
21

**
*

0.
01

09
**

*
0.

01
10

**
*

0.
01

03
**

*
0.

01
04

**
*

0.
00

97
**

*
0.

00
77

**
*

(0
.0

01
)

(0
.0

01
)

(0
.0

01
)

(0
.0

01
)

(0
.0

01
)

(0
.0

01
)

(0
.0

01
)

(0
.0

01
)

(0
.0

01
)

(0
.0

01
)

O
bs

er
va

tio
ns

7,
82

1,
75

6
7,

82
1,

75
6

7,
82

1,
75

6
7,

82
1,

75
6

7,
82

1,
75

6
7,

82
1,

75
6

7,
82

1,
75

6
7,

82
1,

75
6

7,
82

1,
75

6
7,

82
1,

75
6

R
-s

qu
ar

ed
0.

34
7

0.
27

4
0.

19
8

0.
20

9
0.

23
0

0.
26

0
0.

24
1

0.
22

8
0.

23
8

0.
06

8

N
ot

es
:

R
es

ul
ts

fr
om

fix
ed

-e
ff

ec
ts

re
gr

es
si

on
s.

Th
e

de
pe

nd
en

tv
ar

ia
bl

e
is

a
du

m
m

y
eq

ua
lt

o
on

e
if

th
e

in
di

vi
du

al
is

em
pl

oy
ed

(C
ol

um
n

1)
,i

s
em

pl
oy

ed
in

oc
cu

pa
tio

ns
2-

10
(C

ol
um

n
2)

,i
s

em
pl

oy
ed

in
oc

cu
pa

tio
ns

3-
10

(C
ol

um
n

3)
,i

s
em

pl
oy

ed
in

oc
cu

pa
tio

ns
4-

10
(C

ol
um

n
4)

,i
s

em
pl

oy
ed

in
oc

cu
pa

tio
ns

5-
10

(C
ol

um
n

5)
,i

s
em

pl
oy

ed
in

oc
cu

pa
tio

ns
6-

10
(C

ol
um

n
6)

,i
s

em
pl

oy
ed

in
oc

cu
pa

tio
ns

7-
10

(C
ol

um
n

7)
,i

s
em

pl
oy

ed
in

oc
cu

pa
tio

ns
8-

10
(C

ol
um

n
8)

,
is

em
pl

oy
ed

in
oc

cu
pa

tio
ns

9-
10

(C
ol

um
n

9)
an

d
is

em
pl

oy
ed

in
oc

cu
pa

tio
n

10
(C

ol
um

n
10

).
In

Pa
ne

lB
,a

ll
re

gr
es

si
on

s
in

cl
ud

e
a

fu
ll

se
to

fd
um

m
ie

s
fo

r
ag

e,
ed

uc
at

io
n

le
ve

l,
ge

nd
er

,r
el

at
io

ns
hi

p
to

th
e

ho
us

eh
ol

d
he

ad
,m

ar
ita

ls
ta

tu
s,

m
on

th
/y

ea
r

of
th

e
in

te
rv

ie
w

,h
is

to
ry

of
di

sp
la

ce
m

en
ta

nd
le

ng
th

of
st

ay
in

th
e

vi
lla

ge
.T

he
st

an
da

rd
er

ro
rs

(in
pa

re
nt

he
se

s)
ac

co
un

tf
or

po
te

nt
ia

lc
or

re
la

tio
n

w
ith

in
pr

ov
in

ce
.*

de
no

te
s

si
gn

ifi
ca

nc
e

at
th

e
10

%
,*

*
at

th
e

5%
an

d,
**

*a
tt

he
1%

le
ve

l.

41



Ta
bl

e
5:

Th
e

ef
fe

ct
s

of
co

nn
ec

tio
ns

on
th

e
pr

ob
ab

ili
ty

of
be

in
g

in
an

y
oc

cu
pa

tio
n

-T
hr

ee
co

nt
ro

lg
ro

up
s

(1
)

(2
)

(3
)

(4
)

(5
)

(6
)

(7
)

(8
)

(9
)

(1
0)

1-
10

2-
10

3-
10

4-
10

5-
10

6-
10

7-
10

8-
10

9-
10

10
-

Pa
ne

lA
:C

on
tr

ol
G

ro
up

I
C

on
ne

ct
ed

O
ffi

ce
(2

00
7)

0.
00

0.
00

1
0.

00
79

**
*

0.
00

79
**

*
0.

00
66

**
*

0.
00

68
**

*
0.

00
67

**
*

0.
00

68
**

*
0.

00
63

**
*

0.
00

55
**

*
(0

.0
01

)
(0

.0
01

)
(0

.0
01

)
(0

.0
01

)
(0

.0
01

)
(0

.0
01

)
(0

.0
01

)
(0

.0
01

)
(0

.0
00

)
(0

.0
00

)

O
bs

er
va

tio
ns

1,
56

4,
51

5
1,

56
4,

51
5

1,
56

4,
51

5
1,

56
4,

51
5

1,
56

4,
51

5
1,

56
4,

51
5

1,
56

4,
51

5
1,

56
4,

51
5

1,
56

4,
51

5
1,

56
4,

51
5

R
-s

qu
ar

ed
0.

33
0.

26
8

0.
22

1
0.

23
7

0.
25

8
0.

28
5

0.
26

5
0.

25
2

0.
25

4
0.

07
8

Pa
ne

lB
:C

on
tr

ol
G

ro
up

II
C

on
ne

ct
ed

O
ffi

ce
(2

00
7)

-0
.0

02
-0

.0
02

0.
00

87
**

*
0.

00
84

**
*

0.
00

74
**

*
0.

00
72

**
*

0.
00

66
**

*
0.

00
65

**
*

0.
00

62
**

*
0.

00
54

**
*

(0
.0

01
)

(0
.0

02
)

(0
.0

01
)

(0
.0

01
)

(0
.0

01
)

(0
.0

01
)

(0
.0

01
)

(0
.0

01
)

(0
.0

01
)

(0
.0

01
)

O
bs

er
va

tio
ns

1,
26

5,
50

6
1,

26
5,

50
6

1,
26

5,
50

6
1,

26
5,

50
6

1,
26

5,
50

6
1,

26
5,

50
6

1,
26

5,
50

6
1,

26
5,

50
6

1,
26

5,
50

6
1,

26
5,

50
6

R
-s

qu
ar

ed
0.

33
2

0.
27

1
0.

22
6

0.
24

0.
26

1
0.

28
8

0.
26

9
0.

25
5

0.
25

7
0.

08
1

Pa
ne

lC
:C

on
tr

ol
G

ro
up

II
I

C
on

ne
ct

ed
O

ffi
ce

(2
00

7)
-0

.0
04

4*
*

-0
.0

05
6*

*
0.

00
55

**
*

0.
00

46
**

*
0.

00
43

**
*

0.
00

48
**

*
0.

00
46

**
*

0.
00

43
**

*
0.

00
45

**
*

0.
00

48
**

*
(0

.0
02

)
(0

.0
03

)
(0

.0
01

)
(0

.0
01

)
(0

.0
01

)
(0

.0
01

)
(0

.0
01

)
(0

.0
01

)
(0

.0
01

)
(0

.0
01

)

O
bs

er
va

tio
ns

90
1,

91
90

1,
91

90
1,

91
90

1,
91

90
1,

91
90

1,
91

90
1,

91
90

1,
91

90
1,

91
90

1,
91

0
R

-s
qu

ar
ed

0.
33

1
0.

27
1

0.
23

2
0.

24
6

0.
26

8
0.

29
5

0.
27

6
0.

26
2

0.
26

3
0.

08
5

N
ot

es
:

R
es

ul
ts

fr
om

fix
ed

-e
ff

ec
ts

re
gr

es
si

on
s.

Th
e

de
pe

nd
en

tv
ar

ia
bl

e
is

a
du

m
m

y
eq

ua
lt

o
on

e
if

th
e

in
di

vi
du

al
is

em
pl

oy
ed

(C
ol

um
n

1)
,i

s
em

pl
oy

ed
in

oc
cu

pa
tio

ns
2-

10
(C

ol
um

n
2)

,i
s

em
pl

oy
ed

in
oc

cu
pa

tio
ns

3-
10

(C
ol

um
n

3)
,i

s
em

pl
oy

ed
in

oc
cu

pa
-

tio
ns

4-
10

(C
ol

um
n

4)
,i

s
em

pl
oy

ed
in

oc
cu

pa
tio

ns
5-

10
(C

ol
um

n
5)

,i
s

em
pl

oy
ed

in
oc

cu
pa

tio
ns

6-
10

(C
ol

um
n

6)
,i

s
em

pl
oy

ed
in

oc
cu

pa
tio

ns
7-

10
(C

ol
um

n
7)

,i
s

em
pl

oy
ed

in
oc

cu
pa

tio
ns

8-
10

(C
ol

um
n

8)
,i

s
em

pl
oy

ed
in

oc
cu

pa
tio

ns
9-

10
(C

ol
um

n
9)

an
d

is
em

pl
oy

ed
in

oc
cu

pa
tio

n
10

(C
ol

um
n

10
).

A
ll

re
gr

es
si

on
s

in
cl

ud
e

a
fu

ll
se

to
fd

um
m

ie
s

fo
r

ag
e,

ed
uc

at
io

n
le

ve
l,

ge
nd

er
,r

el
a-

tio
ns

hi
p

to
th

e
ho

us
eh

ol
d

he
ad

,m
ar

ita
ls

ta
tu

s,
m

on
th

/y
ea

r
of

th
e

in
te

rv
ie

w
,h

is
to

ry
of

di
sp

la
ce

m
en

ta
nd

le
ng

th
of

st
ay

in
th

e
vi

lla
ge

.T
he

st
an

da
rd

er
ro

rs
(in

pa
re

nt
he

se
s)

ac
co

un
tf

or
po

te
nt

ia
lc

or
re

la
tio

n
w

ith
in

pr
ov

in
ce

.*
de

no
te

s
si

gn
ifi

ca
nc

e
at

th
e

10
%

,
**

at
th

e
5%

an
d,

**
*a

tt
he

1%
le

ve
l.

42



Ta
bl

e
6:

In
di

vi
du

al
he

te
ro

ge
ne

ity
:A

ge
,e

du
ca

tio
n

an
d

ge
nd

er
(1

)
(2

)
(3

)
(4

)
(5

)
(6

)
(7

)
(8

)
(9

)
(1

0)
1-

10
2-

10
3-

10
4-

10
5-

10
6-

10
7-

10
8-

10
9-

10
10

-
Pa

ne
lA

:M
un

ic
ip

al
Fi

xe
d

Ef
fe

ct
s

an
d

In
di

vi
du

al
C

on
tr

ol
s

(1
)

C
on

ne
ct

ed
-0

.0
10

9*
**

-0
.0

12
3*

*
0.

00
65

**
*

0.
00

67
**

*
0.

00
55

**
*

0.
00

64
**

*
0.

00
66

**
*

0.
00

57
**

*
0.

00
54

**
*

0.
00

71
**

*
(0

.0
04

)
(0

.0
06

)
(0

.0
02

)
(0

.0
02

)
(0

.0
02

)
(0

.0
01

)
(0

.0
01

)
(0

.0
01

)
(0

.0
01

)
(0

.0
01

)
C

on
ne

ct
ed

*F
em

al
e

0.
01

0
0.

01
1

-0
.0

02
-0

.0
04

4*
-0

.0
03

-0
.0

03
1*

-0
.0

03
9*

*
-0

.0
02

8*
-0

.0
02

-0
.0

04
4*

**
(0

.0
07

)
(0

.0
09

)
(0

.0
04

)
(0

.0
02

)
(0

.0
02

)
(0

.0
02

)
(0

.0
02

)
(0

.0
01

)
(0

.0
01

)
(0

.0
01

)
C

on
ne

ct
ed

*E
du

0.
00

0
0.

00
1

0.
00

0
0.

00
07

*
0.

00
08

**
0.

00
09

**
0.

00
08

**
0.

00
07

*
0.

00
08

**
0.

00
09

**
*

(0
.0

00
)

(0
.0

01
)

(0
.0

00
)

(0
.0

00
)

(0
.0

00
)

(0
.0

00
)

(0
.0

00
)

(0
.0

00
)

(0
.0

00
)

(0
.0

00
)

C
on

ne
ct

ed
*A

ge
-0

.0
00

-0
.0

00
0.

00
02

*
0.

00
02

**
0.

00
02

**
*

0.
00

02
**

*
0.

00
02

**
*

0.
00

02
**

*
0.

00
03

**
*

0.
00

02
**

*
(0

.0
00

)
(0

.0
00

)
(0

.0
00

)
(0

.0
00

)
(0

.0
00

)
(0

.0
00

)
(0

.0
00

)
(0

.0
00

)
(0

.0
00

)
(0

.0
00

)

O
bs

er
va

tio
ns

90
1,

91
0

90
1,

91
0

90
1,

91
0

90
1,

91
0

90
1,

91
0

90
1,

91
0

90
1,

91
0

90
1,

91
0

90
1,

91
0

90
1,

91
0

R
-s

qu
ar

ed
0.

27
1

0.
22

8
0.

22
9

0.
24

4
0.

26
6

0.
29

4
0.

27
4

0.
26

0
0.

26
1

0.
08

3
Pa

ne
lB

:M
un

ic
ip

al
Fi

xe
d

Ef
fe

ct
s

an
d

In
di

vi
du

al
C

on
tr

ol
s

(2
)

C
on

ne
ct

ed
-0

.0
07

5*
*

-0
.0

09
6*

0.
00

70
**

*
0.

00
71

**
*

0.
00

58
**

*
0.

00
66

**
*

0.
00

67
**

*
0.

00
58

**
*

0.
00

55
**

*
0.

00
72

**
*

(0
.0

03
)

(0
.0

06
)

(0
.0

02
)

(0
.0

02
)

(0
.0

02
)

(0
.0

01
)

(0
.0

01
)

(0
.0

01
)

(0
.0

01
)

(0
.0

01
)

C
on

ne
ct

ed
*F

em
al

e
0.

00
6

0.
00

9
-0

.0
03

-0
.0

04
7*

-0
.0

03
-0

.0
03

2*
-0

.0
03

8*
*

-0
.0

02
7*

-0
.0

02
-0

.0
04

4*
**

(0
.0

07
)

(0
.0

08
)

(0
.0

04
)

(0
.0

03
)

(0
.0

02
)

(0
.0

02
)

(0
.0

02
)

(0
.0

01
)

(0
.0

01
)

(0
.0

01
)

C
on

ne
ct

ed
*E

du
0.

00
0

0.
00

1
0.

00
0

0.
00

1
0.

00
08

**
0.

00
09

**
0.

00
08

**
0.

00
07

*
0.

00
08

**
0.

00
09

**
*

(0
.0

00
)

(0
.0

01
)

(0
.0

01
)

(0
.0

00
)

(0
.0

00
)

(0
.0

00
)

(0
.0

00
)

(0
.0

00
)

(0
.0

00
)

(0
.0

00
)

C
on

ne
ct

ed
*A

ge
-0

.0
00

-0
.0

00
0.

00
02

*
0.

00
02

**
0.

00
02

**
*

0.
00

02
**

*
0.

00
02

**
*

0.
00

02
**

*
0.

00
02

**
*

0.
00

02
**

*
(0

.0
00

)
(0

.0
00

)
(0

.0
00

)
(0

.0
00

)
(0

.0
00

)
(0

.0
00

)
(0

.0
00

)
(0

.0
00

)
(0

.0
00

)
(0

.0
00

)

O
bs

er
va

tio
ns

90
1,

91
0

90
1,

91
0

90
1,

91
0

90
1,

91
0

90
1,

91
0

90
1,

91
0

90
1,

91
0

90
1,

91
0

90
1,

91
0

90
1,

91
0

R
-s

qu
ar

ed
0.

33
1

0.
27

1
0.

23
2

0.
24

6
0.

26
8

0.
29

5
0.

27
6

0.
26

2
0.

26
3

0.
08

5

N
ot

es
:R

es
ul

ts
fr

om
fix

ed
-e

ff
ec

ts
re

gr
es

si
on

s.
Th

e
de

pe
nd

en
tv

ar
ia

bl
e

is
a

du
m

m
y

eq
ua

lt
o

on
e

if
th

e
in

di
vi

du
al

is
em

pl
oy

ed
(C

ol
um

n
1)

,i
s

em
pl

oy
ed

in
oc

cu
pa

tio
ns

2-
10

(C
ol

um
n

2)
,i

s
em

pl
oy

ed
in

oc
cu

pa
tio

ns
3-

10
(C

ol
um

n
3)

,i
s

em
pl

oy
ed

in
oc

cu
pa

tio
ns

4-
10

(C
ol

um
n

4)
,i

s
em

pl
oy

ed
in

oc
cu

pa
tio

ns
5-

10
(C

ol
um

n
5)

,i
s

em
pl

oy
ed

in
oc

cu
pa

tio
ns

6-
10

(C
ol

um
n

6)
,i

s
em

pl
oy

ed
in

oc
cu

pa
tio

ns
7-

10
(C

ol
um

n
7)

,i
s

em
pl

oy
ed

in
oc

cu
pa

tio
ns

8-
10

(C
ol

um
n

8)
,i

s
em

pl
oy

ed
in

oc
cu

pa
tio

ns
9-

10
(C

ol
um

n
9)

an
d

is
em

pl
oy

ed
in

oc
cu

pa
tio

n
10

(C
ol

um
n

10
).

In
Pa

ne
ls

A
an

d
B,

al
lr

eg
re

ss
io

ns
in

cl
ud

e
a

fu
ll

se
to

fd
um

m
ie

s
fo

r
ag

e,
ed

uc
at

io
n

le
ve

la
nd

ge
nd

er
.

In
ad

di
tio

n,
in

Pa
ne

lB
,r

eg
re

ss
io

ns
in

cl
ud

e
a

fu
ll

se
t

of
du

m
m

ie
s

fo
r

re
la

tio
ns

hi
p

to
th

e
ho

us
eh

ol
d

he
ad

,m
ar

ita
l

st
at

us
,m

on
th

/y
ea

r
of

th
e

in
te

rv
ie

w
,h

is
to

ry
of

di
sp

la
ce

m
en

ta
nd

le
ng

th
of

st
ay

in
th

e
vi

lla
ge

.T
he

st
an

da
rd

er
ro

rs
(in

pa
re

nt
he

se
s)

ac
co

un
tf

or
po

te
nt

ia
l

co
rr

el
at

io
n

w
ith

in
pr

ov
in

ce
.*

de
no

te
s

si
gn

ifi
ca

nc
e

at
th

e
10

%
,*

*a
tt

he
5%

an
d,

**
*a

tt
he

1%
le

ve
l.

43



Table 7: Political Distortions and Service Delivery
(1) (2) (3) (4) (5) (6)

Panel A: Share of 0-71 months old that are underweight
Distortion 44.53*** 31.96** 32.26** 44.29*** 32.12** 32.50**

(16.37) (14.06) (13.89) (15.63) (13.21) (12.93)

Observations 404 404 403 404 404 403
R-squared 0.60 0.64 0.641 0.565 0.631 0.631
Panel B: Share of 4-5 year old that are enrolled in kindergarden
Distortion 0.09 0.07 0.03 -0.09 -0.09 -0.11

(0.37) (0.36) (0.37) (0.37) (0.33) (0.34)

Observations 557 555 519 555 555 519
R-squared 0.636 0.669 0.639 0.611 0.637 0.613
Panel C: Share of 6 year old that are enrolled in primary school
Distortion -0.07 -0.05 -0.09 -0.02 -0.1 -0.10

(0.28) (0.30) (0.32) (0.31) (0.32) (0.34)

Observations 557 555 519 555 555 519
R-squared 0.628 0.649 0.648 0.609 0.623 0.623
Panel D: Total years of schooling for 11 year old
Distortion -1.93 -1.15 -1.19 -1.9 -0.94 -0.85

(1.40) (0.96) (1.00) (1.56) (1.03) (1.02)

Observations 557 555 519 555 555 519
R-squared 0.685 0.842 0.82 0.671 0.831 0.814
Panel E: Total years of schooling for 15 year old
Distortion -2.83 -1.47 -1.38 -3.22 -1.32 -1.13

(2.44) (1.12) (1.12) (2.54) (1.18) (1.18)

Observations 557 555 519 555 555 519
R-squared 0.698 0.912 0.90 0.671 0.903 0.893

Notes: Results from fixed-effects regressions. In Columns 1-3, regressions are unweighted. In
Columns 4-6, regressions are weighted by the 2010 municipal population. The dependent variable
is the share of 0-71 months old who are underweight (Panel A), the share of 4-5 year olds who are
enrolled in kindergarden (Panel B), the share of 6 year olds who are enrolled in primary school
(Panel C), the total number of years of school for 11 year olds (Panel D) and, the total number
of years of schooling for 15 years old (Panel E). The measure of distortion is the difference in the
probability of being employed as a manager between individuals related to a politician in office
between 2007 and 2010 and individuals related to a politician who ran either in 2007 or 2010. In
Columns 2-3 and 5-6. all regressions control for population, poverty incidence, gini and average
years of education for individual age 20-80. In addition, in Columns 3 and 6, regressions control
for winner vote share in the 2007 elections and the number of terms her family has been in office.
The standard errors (in parentheses) account for potential correlation within province. * denotes
significance at the 10%, ** at the 5% and, *** at the 1% level.


