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Related Work
Image deconvolution with Adam, HQS and ADMM

Target Image Blurry and Noisy Image Adam+TV, PSNR: 26.3 HQS+TV, PSNR: 26.3 HQS+DnCNN, PSNR: 26.7

Limitations
Adam is limited by the choice of regularizier in this case the TV norm.

HQS and ADMM rely on the selected prior and which may not represent all natural images
effectively.
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