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Figure 2: Overwew of the Image2Garment pipeline.
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Figure 1: Impact of garment fabric parameters on simulation. We visualize the final frame of a

jumping animation for four different fabrics each starting from the exact same initial condition. The

choice of garment physics parameters changes the dynamics of the animation drastically. In turn,
this makes it critical to estimate these parameters accurately.

Creating realistic, simulation-ready digital garments from single
images is crucial for virtual reality, gaming, and fashion design
applications; accelerating garment prototyping, and benefiting
platforms like cinema, and augmented/virtual reality.
Estimating physics parameters from a single image is
fundamentally ill-posed — we cannot directly see properties like | |
stretch stiffness or bend resistance. ; | -,,f',\ ~ : A
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Table 3: Quantitative comparison of image-to-garment prediction. Figure 3: Qualitative Comparisons.
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