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Motivation _ . Methods
Q:scemoreinianiimage. Evaluate image enhancement techniques on the different image corruption types and formulate pipeline.
Forensic experts often rely on low-quality and widely .
varying surveillance sources to capture images of vehicles
and subjects. Images face many sources of corruption:

- Read Noise - Motion Blur - Poor Exposure - Low Resolution -

The goal is to compile an image enhancement tool set to
reveal image details while avoiding hallucinated artifacts.
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Weiner and RL deconvolution mitigate motion blur
with known blur kernels; Krishnan et al. estimate
unknown kernels via normalized sparsity measure.
Poor Exposure

Paris et al. normalize or
enhance images using edge-
aware Laplacian pyramids.
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Results Compiling tool set for images with multiple sources of corruption.
_ 1. Exposure Correction 2. Noise Filter 3. Deblur 4. Tone Mapping 5. Sharpening
& Histogram Equalization BM3D Bicubic Interpolation Laplacian Pyramids ~ Unsharp Masking

PSNR = 14.27 dB PSNR = 16.20 dB PSNR = 16.22 dB PSNR = 16.23 dB PSNR = 16.26 dB
SSIM =0.20 SSIM = 0.44 SSIM =0.44 SSIM = 0.44 SSIM = 0.44

Denoising strategies are highly effective against their targeted corruption type but can inadvertently
degrade image quality when applied to non-targeted distortions. In images with multiple corruption
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2011 N sources, assessing noise characteristics is essential for designing an optimal recovery pipeline with

B. Lim, S. Son, H. Kim, S. Nah, K. M. Les, “Enhanced Decp Residual Networks for Single Image Super-Resolution,” SSIM =0.19
and pattom ps, 2017. properly ordered stages and tunable parameters.
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